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which ray is reflected correctly in the picture below ?

_ A BT eG Y D
Student answers A, which is incorrect

Your answer is not the
correct.Can you tell me why
you chose A

HUI
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Proceedings of the
Second
Adaptive Instructional
System (AIS)
Standards Workshop

October 2018 Edited by:

Menlo Park, California Robert Sottilare
Eric Domeshek

Andrew Hampton
Jody Cockroft
Avron Barr
Arthur Graesser
Robby Robson

INTRODUCTION _ : | Richard Tong

Keynote Address: Enhancing Educational Systems with In-
Context Natural Language Conversations

Edgar Kalns', K.P. Thai’, Min Yin', Girish Acharya’, and Phil Vahey'

SRI International, Menlo Park, CA, USA. “Yixue Education, Inc¢., Shanghai, China

Conversational agents via virtual personal assistant (VPA) technology ¢an be pedagogically beneficial for
supporting student learning in adaptive mstructional systems (AIS). The use of automated, targeted. natural-
language-based dialogs via a VPA — especially one that 1s knowledgeable of the current individualized student
context — can be powerful for the AIS 1o process in real-time the cause of a student’s misunderstanding or
mistake, allowing it to better adapt and tailor the matenial to the individual student’s needs. In this study, we
evalvated how accurately VPA could pertorm for students speaking in Chinese, when the VPA's internal

Part of the Adaptive Tutoring Serles
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The MIBA processes are used to support the monitoring and alert subsystem to allow real-time intervention
(both human and Al), The human coach(teacher) will use the adanced dashboardand alert message queue
which are partially driven by MIBA subsystem.

MIBA Event Collector
: ZRNFIITASH
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MIBA Data Collection

Webcam-enabled PCs in
Squirrel Al classroom

MIBA Data
SAE records:

. 1D for tracking one recorded session
Login/logout times

Lkesson Name & Number

SRR T

Timestamps forinstructional material, e.g. tutorials or videos.

Timestamps for questions

Timestamps foranswers

Rl 0

Recording of student session via Web camera.
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Mock-Up of Al-Enhanced Dashboard

Teacher Dashboard
Student #1 Student #2 Student #N
Last 5 answers Last 5 answers Last 5 answers
Q0000 Q0009 00099
Time on current Time on current s »a Time on current
question: 3:49 question: 1:28 question: 0:33

Attention on - Attention on - Attention on -
screen screen screen
Concentration . Concentration . Concentration -

—- - o G - - e —_— - o T
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1-P(i) P(i)
P(t

P(t)
—
l P(G) 1%@) P(S)

P(i): Probability of initial state P(G): Probability of guess
P(t): Probability of learning P(S): Probability of slip

P
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